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Abstract: Considering the difficulty of judging the mixed multiple sentimental polarities in a text, aspect-level sentiment
analysis has become a hot research topic. Multiple sentiments of different targets when expressing multi-faceted in a sen-
tence, it will cause problems such as feature overlap, which will have a negative impact on text sentiment classification. A
capsule network-based model for aspect-level sentiment classification (SCACaps) was proposed. Sequential convolution
was used to extract the features of context and aspect words separately, and an interactive attention mechanism was in-
troduced to reduce the mutual influence on each other, and then the text feature representation was transmitted into the
capsule network after reconstruction. The routing algorithm was optimized by introducing high-level capsule coefficients
between the capsule layers, and the global parameters were shared in the entire iterative update process to save relatively
complete text feature information. By comparing with multiple models, the SCACaps model has the best classification
effect, and the SCACaps model also performs better in small sample learning.
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