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Abstract: Functional brain network provides an effective biomarker for understanding brain activation patterns, the de-
velopment of neurodegenerative diseases, and the structure of brain signaling. How to use priori information to build ac-
curate brain network is particularly important in subsequent applications. A functional brain network construction model
based on group similarity constraints was proposed. By introducing a tensor low rank constraint and using the nuclear
norm of the tensor, a brain network group with a low rank prior in the group was solved. The group similarity constraints
to shrink the solution space of the brain network was used, thus constructing a better functional brain network effectively.
For evaluating the performance of the proposed method, the constructed brain network was adopted for the discriminative
task of mild cognitive impairment. The experimental results show that the proposed functional brain network modeling
method based on group similarity constraints can construct more discriminative brain network. In addition, based on the
brain network constructed by the proposed method, the significant connections consistent with previous studies are ob-
tained, and the effectiveness of the proposed method is further verified.
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