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Abstract: With the flourishing development of video-based information dissemination, audio and video synchronization
is gradually becoming an important standard for measuring video quality. Deep synthesis technology has been entering
the public’ s view in the international communication field, and lip-sync technology integrating audio and video synchro-
nization has attracted more and more attention. The existing lip-synthesis models are mainly based on lip-synthesis of
static images, which are not effective for synthesis of dynamic videos, and most of them use English datasets for training
which results in poor synthesis of Chinese Mandarin. To address these problems, this paper conducted optimization ex-
periments on the Wav2Lip lip synthesis model in Chinese context based on its research foundation, and tested the effect of
different routes of training models through multiple sets of experiments, which provided important reference values for
the subsequent Wav2Lip series research. This study realized lip synthesis from speech-driven to text-driven, discussed the

application of lip synthesis in multiple fields such as virtual digital human, and laid the foundation for the broader applica-
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tion and development of lip synthesis technology.
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