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Abstract: Artificial intelligence generated content technology is reshaping the production and consumption patterns of
digital content. The research was based on the basic concepts and technological development process of artificial intelli-
gence generated content technology, focusing on exploring ethical risks and governance challenges such as privacy leak-
age, algorithm hegemony, digital divide, intellectual property protection and employment impact caused by artificial intel-
ligence generated content. After reviewing the typical governance paths and experiences of developed countries abroad,
this paper summarized and proposed measures and development suggestions for China to address the potential risks of Al
generated content. One was to prioritize development and coordinate layout; Second was to strengthen the full factor in-
vestment in the research and development of artificial intelligence technology; Third was to improve the governance rule

system of artificial intelligence technology; Fourth was to accelerate the research and development of artificial intelli-
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