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Abstract: In recent years, numerous social agents empowered by large language model (LLM) have emerged on social
media, which play a significant role in online social interactions. However, since not all messages shared on social media
are verified as genuine, the involvement of these agents could amplify rumor propagation. Therefore, it becomes increas-
ingly important to measure agents’ susceptibility to rumors and reduce their acceptance of rumors. To tackle this issue,
agents’ susceptibility to rumors and how their opinion evolve on social media were systematically examined. The findings
demonstrate that agents are highly susceptible to unknown rumors, tend to reinforce their beliefs over time through pro-
longed exposure. Furthermore, agents show a strong tendency to believe rumors during social interactions. To reduce
agents’ susceptibility to rumors, a “self-prompting” intervention strategy was proposed, which significantly reduced ru-
mor acceptance rate among agents from 75.91% to 13.50% and effectively motivated agents with a neutral stance to take
on anti-rumor positions. This research not only deepens our understanding of the mechanisms behind the rumor suscepti-
bility of LLM-driven agents, but also provides an effective pathway to improve their anti-rumor capabilities, thereby offer-

ing support for the safe deployment of agents on social media and reduction of rumor propagation.
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American Society of University Composers was replaced by Les Nations.
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Tyler Ruthven plays in the National Basketball Association league.
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Florence Shapiro has never received a bachelor’s degree.
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Wirdawati follows the religion Judaism.
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Anne was originally broadcasted by the CBS.
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Square Antonio Fontanesi is located in the country Norway.
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